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K. Cho, B. Van Merriënboer, C. Gulcehre, D. Bahdanau, F. Bougares,
H. Schwenk, and Y. Bengio. Learning phrase representations using RNN
encoder-decoder for statistical machine translation. In EMNLP, 2014.

A. Clauset, C. Shalizi, and M.E.J. Newman. Power-law distributions in empir-
ical data. SIAM Rev., 51(4):661–703, 2009.

H. Dai, B. Dai, and L. Song. Discriminative embeddings of latent variable
models for structured data. In ICML, 2016.

N. De Cao and T. Kipf. MolGAN: An implicit generative model for small
molecular graphs. arXiv preprint arXiv:1805.11973, 2018.

M. De↵errard, X. Bresson, and P. Vandergheynst. Convolutional neural net-
works on graphs with fast localized spectral filtering. In NeurIPS, 2016.

J. Devlin, M. Chang, K. Lee, and K. Toutanova. BERT: Pre-training of deep
bidirectional transformers for language understanding. In NAACL-HLT, 2018.

C. Donnat, M. Zitnik, D. Hallac, and J. Leskovec. Graph wavelets for structural
role similarity in complex networks. In KDD, 2018.

J. Elman. Finding structure in time. Cog. Sci., 14(2):179–211, 1990.
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