An Efficient Tree Search Decoder with Column
Reordering for Underdetermined MIMO Systems

Xiao-Wen Chang
School of Computer Science
McGill University
Montreal, Quebec, Canada H3A 2A7

Abstract—An efficient tree search decoder for underdeter-
mined MIMO systems is presented. The decoder employs a novel
column reordering strategy for the channel matrix in the reduc-
tion process, which can significantly reduce the computational
cost. Simulation results show that this new algorithm is much
more efficient than current approaches for a square constellation
higher than 4QAM.

I. INTRODUCTION

In Gaussian multi-input multi-output (MIMO) linear flat-
fading channel systems, the relation between the received
signal vector and the transmit signal vector can be written
as a complex linear system

Y. = Hcmc+vc (1)

where H. € CNr*Nt represents the flat-fading channel with
N, transmitter antennas and IV, receiver antennas, and the
elements of H . are complex i.i.d Gaussian variables with
(normalized) distribution CN(0,1), v, € CV- is the white
Gaussian noise vector with distribution C'N(0,20%I), and
x. € CMt is the unknown signal vector and its elements are
odd numbers in the finite set X.(k) = {k1 + k2j : k1, k2 =
+1,43,---,+(2F — 3),£(2F — 1)} where j2 = —1. Note
that k£ = 1,2, 3 corresponds to QPSK (i.e., 4QAM), 16QAM,
64QAM constellations, respectively.

To avoid complex operations, we first transform (1) to the
following real linear system

y=Hx+v 2)

R R I R R
_ Y _ Hc _Hc _ |[Te _ |Ye
v= [ a2 [0
where Af‘ and Ag denote the real part and image part of a
complex matrix or vector A., respectively. Obviously, H €
R™X" with m £ 2N,, n £ 2N; and h;; ~ N(0,1/2), v ~
N(0,0%1,,), and = € X (k)" = X (k) x --- x X (k) with

X(k) 2 {+1,43,---,+(2" -3, 2" - 1D}. 3)

In order to estimate . € C™V* in (1) or € R™ in (2), one
solves the following minimization problem

|y — Helf3. 4)

min
xeX (k)"

We refer to (4) as a box constrained integer least squares
(ILS) problem. When H has full column rank, a regular
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sphere decoder can be employed to solve (4), see, e.g., [1]
and [2]. In this paper, we consider the case that m < n
and rank(H) = m. One such application is a multiple-
antenna communication system which has more transmitting
antennas than receiving antennas. To find the optimal solution
of this problem, Damen et al [3] proposed the first so-called
generalized sphere decoding (GSD) algorithm. Its basic idea is
to partition @ in (4) into two subvectors (1) and 2(?). For each
candidate for sc(Q), it solves a determined sub-ILS problem to
find £(1). After all candidates for =(® are enumerated, an
optimal solution can be found. Later, Dayal and Varanasi [4]
proposed another GSD algorithm, to be called Algorithm DV
in this paper for convenience, which can significantly reduce
the computational complexity by partitioning the candidate set
for (?) into disjoint ordered subsets. Recently, Yang et al [5]
proposed a so-called double-layer sphere decoder, which will
be referred to as Algorithm YLH in this paper. Its basic idea
is to apply an outer layer sphere decoder (SD) to get possible
candidates for (?). When z(?) is determined, an inner layer
SD is employed to get (1), Algorithm YLH is usually faster
than Algorithm DV. More recently, Chang and Yang [6]
proposed a recursive GSD algorithm, to be called Algorithm
CY, which modified Algorithm DV and incorporated a column
reordering strategy in reduction, and is (much) faster than
Algorithms DV and YLH. All the above algorithms mainly
consider how to generate a sequence of determined sub-ILS
problems. In [7], Cui and Tellambura proposed a different
approach, which transforms the underdetermined problem (4)
to an equivalent overdetermined problem so that a regular SD
algorithm can then be applied. We refer to the corresponding
algorithm as Algorithm CT. All the above algorithms were
presented for £k = 1 in (3). The case k > 2 was transformed
into the case £ = 1, leading to a new ILS problem with
larger dimensions and those algorithms become less efficient.
Note that in some literature, see, e.g., [8], only a sub-optimal
solution to (4) is found for computational efficiency. This will
not be discussed in this paper.

In this paper, an efficient tree search decoder (TSD) will be
presented to find the optimal solution for the underdetermined
problem (4). We integrate the two search processes in Algo-
rithm YLH into one process seamlessly, which is a depth-first
tree search algorithm, and present a novel column reordering
(CR) strategy for the reduction process to make the search
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process more efficient. Our new algorithm (to be referred to
as TSD-CR) does not handle the cases £k = 1 and k£ > 2
separately, and so does not enlarge the dimensions of the ILS
problem when k£ > 2. Another advantage is that our algorithm
can easily handle a general box constraint.

II. TREE SEARCH DECODER WITH COLUMN REORDERING

To solve (4), first we reduce it to a new problem (this
process is sometimes called preprocessing). Let N £ n—m +
1. We compute the QR decomposition:

_ _ R1 R2 m—1
H=QR, R—{O TTL )
m—1 N

where Q € R™*™ is orthogonal, R € R™*" is an upper
trapezoidal matrix, i.e., Ry € Rm~1Dx(m=1) is upper trian-
gular. With y £ QTy, the problem (4) is transformed to

|y — Rx|)3. (6)

min
xzeX (k)™

To solve (6), we find a constant 3 such that
1y — Re|3 < 5°. (7)

One effective strategy to choose 3 was proposed in Chang
and Yang [6], which solves a box constrained real least squares
problem, rounds the solution to an integer vector x( in X (k)",
and then takes 3 = ||g — Rxgl|2. We use this strategy in this
paper. Note that (7) is a hyper-ellipsoid in terms of x, and a
hyper-sphere in terms of Rx. If there is no integer point in
the hyper-ellipsoid (7), then x( is the solution to (6).

Then we start a search process to find the solution in the
hyper-ellipsoid (7). In the following we first present a tree
search process for solving the reduced problem (6) and then
propose a column reordering strategy in the reduction process.

A. Tree search process

We rewrite (7) as

m

@ =Y rijwi)? < 4 ®)
i=1 j=i

To simplify notation, define ¢; 2 (7; — S i1 TigTy) /i for
i =m: —1:1. Note that ¢; depends on z;11, Tjt2, * ,Tn.
Then it is easy to see that the inequality (8) is equivalent to a
set of inequalities:

=Y i) < B2 9)
j=m
=) <= Y rh(zi—a)?  (10)
i=j5+1

forj=m-—1:—-1:1. Thusfor j=m—1:-1:1,
z; € X 2 X (k)N (N, 1)) (11)

I L S R L]

K £ Cj+\/ﬁ2_z;rnj+1 u( >/|TJJ|

In the following, we will use a strategy, which is similar to
the one presented in [5], to determine x,,, 1, - . ., T, based
on (9) and use the search algorithm given in [2] to determine
Ty—1, Tm—2, - -.,21 based on (10). These two processes are
integrated to one process seamlessly.

Let Tt £ {j [rp; > 0,m < j < n}, T~
0,m < j <n}. Then (9) is equivalent to

- < Z TmjZ; + Z TmiZi < Ym + B

JEI+ JEI—

£ {] |rmj <
(12)

For each z; (j = m : n), define the following transformation:

2k _14u; .
_ 7J7 € I+
o s
#7 j € I
so that
z; € X(k)2{0,1,---,2F —1}. (14
Define « é gm + (2k - 1) Z?:m
a—fB< 22|rmj|5f‘j <a+B. (15)

Jj=m

For the time being, assume r,,; # 0 for j = m : n, then from

(14) and (15), it is easy to verify that for j =n:—-1:m
N2 a-p- 221 j+1 [Pl — 2(2F )Z |T77Li|
T 27y
(17)
i (4 B=2 Y |rmil%i)/(2lrmg). (18)

i=j+1

Based on (16) and (11), our search process can start. The
search algorithm we propose here is a depth-first tree search.
We determine Z; (or x;) at level j. First at level n, choose

Tp = [m] | %, » which denotes the nearest integer in the set
X, to 2|T e Then we proceed to level n—1. At this level, we
compute the set X, 1.1, 1 s empty, then we move back to
level n and choose Z,, to be the next nearest integer to m
in the set X, and go to level n—1 again. Otherwise, we choose
Tp_1 = L%ﬁ"ﬁ”] |%,_,- In general, when we go to level
j from level j + 1 where j > m, the first chosen integer for
zjis La_ZzélTj“‘le“%HX Continue the procedure until we
reach level m and choose a valid integer for z,,. At this point
we obtain (2 £ [Z,,,--- , %,]T. From (13) we can transform
22 to the original integer vector (?) £ [T, 2n)T. Then
we go to level m — 1 and compute the set X,,,_1 (see (11)).
If X,,,—1 is empty, we go back to level m. Otherwise, choose
Tm-1 = |C¢m-1]|x,,_,, and proceed to level m — 2. Continue
this process and finally we reach level 1 and choose a valid
integer for x1, resulting in (1) £ [#1,...,2Zm_1]". Thus =

[mgi} is the first integer point we have found by the search
xT

process. Then we update 3 by taking 3 = ||y — Rx||2. Now
we seek an integer point within the new hyper-ellipsoid by
updating . We move up to level 2 and try to choose x2 to be
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the next nearest integer to co in the set X5 (which has been
updated by using the new ). Note that in this tree search
process, if we succeed in finding a valid integer at a level,
then we move to the next lower level, otherwise we move to
the next higher level. Finally, when we fail to find a new valid
integer for z,, at level n, the search process terminates and
the latest found integer point is the optimal solution we seek.

In theory it is possible that in (15) some 7,,; = 0, m <
§ < n. In this case each integer in the set X'(k) (see (14)) can
be a candidate for Z;, and one is chosen each time when the
algorithm is at level j. Specifically, if we go to level j from
level j + 1, we choose Z; = 0, and when we move to level j
from level j — 1, we choose Z; to be the next smallest integer
in X(k) (“next” means next to the one chosen last time). This
tends to take more search time compared with the normal case
Tmj 7 0. Fortunately, this rarely occurs in practice.

Now we make a remark about the main differences between
Algorithm YLH [5] and the above tree search process. In the
former, when k& > 2, a binary representation ; = Zi:ol Qiiij,
z;; € {0,1} was used to transform the inequality (15) into
a new one, which has unknown binary numbers Z;;. Then
a search process based on a sphere decoding algorithm was
applied to find [Zom, -y Tho1my -« T0my -« Thol,n] L s
which is then transformed back to (®) = [z,,, ..., z,]T. This
approach increases the number of the levels of the tree, while
it decreases the constraint interval for each level. From the
tree search point of view, this makes search less efficient, see,
e.g., [9, Chaps 12 and 13] for explanations. To obtain (1),
like other existing algorithms, Algorithm YLH suggests to use
a regular SD to solve

min [(y(1:m—1) — Ryx®) — RizM||,. (19)

M eXx (k)(m—1)

Notice that our approach integrates the two search processes
for (1) and £ into one tree search process.

Our tree search process can easily handle the general box
constraint I < x < w where | and w are integer vectors,
while the existing algorithms we mentioned before cannot.
Essentially what we need to do is to replace the transformation
(13) by

_ A *lj+l’j, jGIJr
LA Yy jeI™
J 2
so that ; € {0,1,...,Uj —lj}.

B. Column reordering strategy

From (16) and (11) we find that the efficiency of the
tree search process greatly depends on the upper trapezoidal
matrix R. Note that different ordering of the columns of the
channel matrix H leads to different R. To make the tree search
process given in Sec. II-A more efficient, we will find a good
permutation matrix P in the QR decomposition HP = QR
(cf. (5)). It is easy to verify that if & is the solution to (6) with
R defined above, then P is the solution to (4).

We will determine how to choose n —m + 1 columns from
matrix H as the right part of the permuted H. The remaining
m—1 columns form the left part of the permuted H. Then we

will determine how to order the columns of these two parts,
respectively.

First assume that the two parts of H have been determined
and we have a permuted H and the corresponding upper
trapezoidal matrix R. In the following we show how to reorder
the last n — m + 1 columns of R, or equivalently, the last
n —m + 1 columns of the permuted H. At level j, where
m < j < n, any integer number in /'\_fj (see (16)) is a possible
candidate for z;. To make the search process efficient, the
number of integers in X; should be as small as possible. This
motivates the following reordering strategy. Define

L; 2 min{2* — 1, ;] + sign(; — [;]) — 1)
—max{0, [A;] —sign([A;] = A;) +1}+1  (20)
where |-] and [-] denote the floor and ceiling operations,
respectively. If L; < 0, then X is empty, otherwise L; is
the number of integers in )?j. Suppose we have determined
the last n — j columns of R, now we want to determine
column j, 7 > m. First we compute L; corresponding to
the current column j of R. Notice that j\j and ji; depend on
Zp forp=nn—-1,--- 7jn—k 1, see (17)-(18). In computing
them, we take 7, = LW] | 2, which is the first
integer we take for T, at level p in the search process. Then
we interchange columns j and ¢ of R for i =m : j — 1. After
each interchange, we compute the corresponding L;. Then
the column corresponding to the smallest L; is chosen to be
the j—th column of R. If the smallest value is nonpositive,
we stop this process. Later we will show how to reorder the

remaining columns. Otherwise we go to level 7 — 1.

’Algorithm 2.1 Reorder part of columns of R(:,m : n) ‘

Input: upper trapezoidal matrix R € R™*"™, ¢,,, .
Output: permuted R, n X n permutation P, variable index
for which Xjngeq is empty, variable Prod = [[7_;, 4001 Lj-
function: [R, P, index, Prod] = REORDER(R, §m, )
Set P=1,,index=m—1, Prod=1, j=n
while j > m

Compute L; according to (20), set p = j

fori=m:j5—1

Set R’ = R, and interchange columns ¢ and j
of R/, then compute the corresponding L/

if L; < Lj
Setp:i, Lj :L;

end
end
ifp#j

Interchange columns p and j of P and R
end
if L; <0

Set index = j, and break the while loop
end

_ O‘_QZZL:HJ |Tm,l‘il
Compute Z; = LQ\T—MHX,

Compute Prod = Prod* L;, j =7 —1
end

We could make the above algorithm more computationally
efficient, but for clarity, we will not do it here.
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If the output index > m + 1, we can reorder the remaining
columns m,m+1,...,index —1 of R in the following way.
From (20), (17) and (18) we find that a larger |r,,;| leads to
a smaller L; if A\; < 0. Our simulations indicated that usually
A; < 0if we have 7, < 0. The latter can be guaranteed, since
if ¥, > 0, we can simply multiply %, and the last row of R
by —1. So we reorder columns m,m + 1,...,index — 1 of
R such that |rmm| S |rm,m+1| S o S |Tm,indem71|-

In the tree search process, the empty set X;ndes means the
search process has to move to level index -+ 1. In other words,
we cut off a branch at level index in the search tree. When
the value of index is larger, the branch we can cut off is
larger, and the search process is likely to be more efficient.
Therefore, we would like to get a larger index by reordering
some columns of R.

Now we describe the entire reduction process, which in-
volves column reordering and QR decompositions. (1) Find the
first OR decomposition. Compute the Householder QR decom-
position of H with minimum column pivoting: HP = QR,
where P is a permutation matrix. In the j-th step of this
process (j = 1:m), we do a column permutation so that
|rj;| is the smallest positive number we can achieve. This
is similar to (but not the same as) the so-called sorted QR
decomposition for overdetermined H (see [10] and [2]). This
will tend to make |ry,;| (j = m+ 1 : n) larger, since, roughly
speaking, m smaller columns of H (in terms of the 2-norm)
have been moved to the left. Larger |r,,;| tends to make s,
smaller (see (18)). We mentioned before that A; is usually
nonpositive. Hence, from (20), we see that larger |7"mj\ is
likely to lead to smaller L;. This is what we pursue. Then we
compute 4 = Q”y. In the reduction process we always keep
Ym nonpositive. (2) Determine the last n—m+1 columns. For
j = 1:m, we interchange columns j and m of R (if j = m,
actually there is no interchange). After each interchange, we
compute the new QR decomposition by using Givens rotations
efficiently (note that the permuted R has structure). When we
apply a Givens rotation to R, we always simultaneously update
Yy by the same Givens rotation. Then we apply Algorithm 2.1
to the new R to reorder (part of) its last n —m + 1 columns
and obtain the corresponding index and Prod. Finally from
the m values of index, we find the largest one indexyax
and then the corresponding ordering. If there is more than
one ordering giving the same largest index, we choose the
one which gives the smallest Prod, a product of numbers of
candidates at levels higher than index. Then we order columns
m,m—1,...,index —1 by the method we mentioned before.
Now the last n — m + 1 columns of the permuted H have
been completely determined and so has the last row of R.
(3) Reorder the first m — 1 columns. We use the tree search
process to get the first (*). Note that the best (1) is the
solution to the determined ILS problem (19). We employ the
column reordering strategy given in [2] to (19) to reorder the
columns of R4 (or the first m — 1 columns of R).

Algorithm 2.2 Reduction
Input: channel matrix H € R™*"™, y € R™, j3.

Output: permutation P € Z™*", upper trapezoidal R €
R™*™ and g € R™.
function: [P, R, y] = REDUCTION(H,y, ()
Compute HP = QR with minimum pivoting
Set y = QTy, index = 0, Prod = +oco
forj=1:m
St R =R,y =79
if j £m
Swap columns j and m of R’ & transform R’ to
an upper trapezoidal matrix by Givens rotations
Apply the same Givens rotations to 4’
end
if g'(m) >0
Set g/ (m) = —g'(m). R(m,:) = —R/(m,")
end
[R', P indimp, Prodim,) = REORDER(R', 4!, 3)
if indimp > index
Set index = indimp, p = 7, Rimp = R/,
ytmp = le Ptmp =P
elseif indy,,, = index
if Prodip, < Prod
Set Prod = Prodipmp, p = j, Rimp = R/,
’ytm,p = @/’ Ptmp = P,
end
end
end
if p#£m
Swap columns p and m of P
Set P = PPtmp’ R = Rt'mp, ’g = gtmp
end
if index > m+1
Reorder the columns of R(:,m : index — 1) such that
, and reorder

|7"7nm‘ S ‘Tm,m+1‘ S e § |7ﬂm,indemfl
the columns of P correspondingly
end
Use our tree search algorithm to find the first 22(2), apply
the reduction strategy given in [2] to (19) to reorder
the first m — 1 columns of R, leading to new trapezoid
R and y, then reorder the columns of P correspondingly

Remark. Although the above reduction process costs more than
the one which does not use column reordering, usually its cost
is still negligible compared with that of the search process.

ITI. SIMULATION RESULTS

In this section we compare the computational cost of our
tree search decoder with column reordering, to be refereed to
as Algorithm TSD-CR, with Algorithms YLH [5], CT [7] and
CY [6]. All the simulations were run in MATLAB 7.0.

The channel matrix H and the receive vector y were
generated according to (2), where H € R™*" with m = 2N,
and n = 2N,. In Algorithms YLH, CT and CY, the same
regular sphere decoding algorithm (see [2]) with the V-BLAST
column reordering strategy for reduction is employed for
solving any overdetermined or determined box-constrained
ILS problems. In CT, the parameter « is chosen to be the noise
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Fig. 1. Average flops vs Ny — N, (4QAM)

variance o2 (see [7]). The computational cost is measured by
the number of flops. For each algorithm, only the flops of the
search process are counted without considering the cost of the
reduction process, which is relatively negligible based on our
simulations. But due to limited space, the simulations for that
are not given in this paper. For each case, we performed 100
runs and counted the average flops.

Figs. 1, 2 and 3 display the average flops of four algorithms
versus N;—N,., for 4QAM, 16QAM and 64QAM, respectively.
In all of these cases v ~ N(0,0.12Isy,.), N, = 5 and N,
is a variable. For 4QAM, when N; — N, < 3, TSD-CR is
the most efficient one among the four algorithms; when Ny —
N, =4, CT is slightly more efficient than TSD-CR. When the
number of constellation points increases, TSD-CR becomes
more and more efficient compared with three other algorithms.
For example, in Fig. 2, when Ny — N,. = 4, TSD-CR is about
13 times as fast as YLH on average; and in Fig. 3, when
Ny — N, = 3, TSD-CR is about 20 times as fast as YLH.

We found that when we decreased the variance of the noise
v, i.e., increased SNR, the cost for each of the four algorithms
decreased, but TSD-CR was still the most efficient one for a
square constellation higher than 4QAM. Due to limited space,
we will not present those simulation results here.

IV. SUMMARY

We have presented a new efficient tree search decoder for
the underdetermined MIMO systems. A column reordering
strategy was proposed to make the search process more
efficient. Numerical simulations indicated that this approach
is (much) more efficient than current methods. Moreover, this
new approach can handle general box-constraints easily.
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